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(3) Detect Dust Storms in MODIS
Imagery
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onventional Numerical Weather
Prediction

The Process is Entirely Serial
and Pre-Scheduled: No Response
to Weather!
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Near Real Time AIRS Assimilation

Mining Ensemble Model Outp WREF Initializations
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Lowation of this spatial region with
respect o the firdt storm cell 0% B 8 3
position {+is consistent with o s S
theorized in published literatisre ¥




irly work: line orientatic

entation to developing line and left (LM) & right (RM) cell mo

Bluestein and Weisman (2000)

putational Resources Require
Data Assimilation

Example

Data used in assimilation, random
Sampling, then rain contaminated
data removed

Original data

2) Intelligent Data Thinning fo
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Analysis

Forecast
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Compared Thinning Strategies
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Case Study Day: 12 March 2005
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Linked Environments for
ospheric Discovery (LEA

eployable Suite of Mining Services
Online Science Data Repositories
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